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Abstract: Objective To identify the research hotspots and future trends in the application of artificial in-
telligence (AI) in lung tumors, given the rapid development of Al and the significant increase in related re-
search papers, and to provide crucial references for subsequent studies. Methods Literature on the applica-
tion of Al in lung tumors from 2013 to 2024 was retrieved from the Web of Science database, and visual analy-

sis was performed using CiteSpace software. Results A total of 5 327 articles were ultimately included. The

annual number of publications has been increasing year by year, with China and the United States taking the
lead. The Chinese Academy of Sciences, Harvard University, and the University of Texas ranked among the
top three institutions in terms of publication output. However, cross - regional cooperation among researchers
and institutions was lacking. Analysis of keywords and citation results showed that research hotspots were
mainly concentrated in medical image analysis. Conclusion Research on the application of Al in lung tumors
is on an upward trend. Diagnosis and classification of lung tumors, prediction of chemotherapy response, and

prognostic analysis are current research hotspots. Furthermore, improvement of image analysis and perform-
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ance of Al algorithms may become future research trends.
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